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Abstract 
 
 
The purpose of this study is to investigate whether consumers’ negative emotions (loss and 
deterrence emotions) toward new e-banking technology influence their behavioral intention to 
adopt new emerging e-banking technology. This thesis tries to integrate the unified theory of 
acceptance and use of technology (UTAUT) with emotion as a non-cognitive factor and 
perceived risk as a well-known influential factor in the banking context. The Partial Least 
Square Structural Equation Modeling (PLS-SEM) was used for analyzing its conceptual model 
and hypotheses. To test the hypotheses and model of this paper, a sample of 109 students as 
young consumers of new emerging e-banking technology was collected in Sweden. The 
findings support the negative relationship between loss emotions and effort expectancy as one 
of the cognitive factors of the UTAUT. Loss emotions could impact consumers’ behavioral 
intentions through consumers’ effort expectancy and performance expectancy. Moreover, the 
results show that perceived risk and performance expectancy are the strongest predictors of 
consumers' behavioral intention to adopt new emerging e-banking technology respectively 
while social influence and hedonic motivation do not show a statistically significant impact on 
consumers’ behavioral intention. The present study contributes to previous research by 
examining the influence of a broad range of negative emotions on consumers' behavioral 
intention to adopt new e-banking technology. To the best of the author’s knowledge, there 
exists no other study referring to this issue neither in the banking industry nor with the Swedish 
environment.  

Keywords: new e-banking technology, UTAUT, negative emotions, perceived risk 
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Chapter 1. Point of departure 

1.1. Introduction 
The banking industry is one of the influential economic industries that has gradually 
accompanied by changes in the market and has tried to respond to them constantly (Liao, et al., 
1999; Yaseen & Qirem, 2018). These changes have varied from time to time and included 
different ranges such as new regulation or deregulation for the banking industry as 
consequences of a new government decision, alteration of consumers' preference because of 
changes in social trends, and different alterations because of information technology (IT) 
development  (Gan , et al., 2006). One of the main alterations because of IT development in 
the banking industry is employing technology as a connection between banks' employees and 
consumers to deliver financial services. IT has changed person to person interaction to 
technology to person interaction where employees and consumers use technology to deliver 
and receive financial services (Joseph, et al., 1999). Therefore, IT advancement has considered 
one of the remarkable changes that have impacted the banking industry (Thornton & White, 
2001; Gan , et al., 2006).  
 
Different electronic financial service channels have been evolved as a consequence of IT 
advancement (Gan , et al., 2006). The presentation of new electronic financial services 
channels started in the early 1970s by introducing the Automatic Teller Machine (ATM) and 
followed by Telephone banking, Personal Computers, Internet Banking (IB), and Mobile 
Banking (MB) (Gan , et al., 2006). An umbrella term called electronic banking or e-banking 
has been applied to lump together all of these banking electronic services. Generally, e-banking 
has been defined as the automated delivery of bank products or services over electronic 
networks and internet technology (Daniel , 1999; Abbad, 2013). Since e-banking technology 
has progressed, the issue of consumers’ behavioral intention to adopt new e-banking 
technology attract the managers, marketers, and researchers’ attention in the banking industry. 
Investigation and determination of different influential factors that can encourage consumers 
to adopt new e-banking technology have provided a practical view for managers and marketers 
to predict consumers’ behavioral intentions to adopt new emerging e-banking technology.  

In order to determine influential factors on the adoption of new e-banking services, different 
studies in the financial and banking scope (Kolodinsky, et al., 2004; Kaabachi, et al., 2019; 
Arora & Sandhu, 2018; Raza, et al., 2019; Yaseen & Qirem, 2018; Yousafzai , et al., 2009) 
have applied different models of technology adoption such as Technology Acceptance Model 
(TAM) (Davis, 1989; Davis, et al., 1992), the Motivational Model of computer (MM) (Davis, 
et al., 1992), the Innovation Diffusion Theory (IDT) (Rogers, 1995), and the Unified Theory 
of Acceptance and Use of Technology model (UTAUT1&2) (Venkatesh, et al., 2003; 
Venkatesh, et al., 2012; Beaudry & Pinsonneault, 2010). These theories/models of technology 
adoption have been developed over the years in the IT context and provide a framework to 
investigate technology adoption in different contexts such as the banking industry (Kolodinsky, 
et al., 2004). Hence, different models of e-banking technology adoption have been extended 
by applying different models of technology adoption. 
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Models of technology adoption in the e-banking context determine some influential cognitive 
and non-cognitive factors such as relative advantages (Liao, et al., 1999; Kolodinsky, et al., 
2004; Ayo , et al., 2016), perceived usefulness and ease of use  (Wan, et al., 2005; Jahangir & 
Begum, 2008; Arora & Sandhu , 2018), effort expectancy and performance expectancy  
(Yaseen & Qirem, 2018; Raza, et al., 2019; Kaabachi, et al., 2019)  perceived risk (Liao, et al., 
1999; Odumeru , 2012; Takele & Sira, 2013; Simiyu, et al., 2018), trust (Alalwan, et al., 2015; 
Sánchez-Torres, et al., 2018; Alalwan, et al., 2014), self-efficacy, awareness, (Anouze & 
Alamro , 2019; Alalwan, et al., 2015), and government support (Sánchez-Torres, et al., 2018). 
Some others  (Lee & Lee, 2000; Kolodinsky, et al., 2004; Wan, et al., 2005; Odumeru , 2012) 
have also suggested some influential personal characteristic factors such as age, gender, 
income, and education. 

Although some of these studies consider the role of non-cognitive factors such as consumers’ 
self-efficacy (Anouze & Alamro , 2019), many of them have focused on the impact of 
utilitarian and functional aspects of technology on consumers’ behavioral intention to adopt 
new e-banking technology. For example, they have tried to examine whether the degree of 
consumers perception about the ease of use of a new e-banking technology can impact their 
adoption behavior  (Wan, et al., 2005; Jahangir & Begum, 2008; Alalwan, et al., 2015; 
Sánchez-Torres, et al., 2018; Simiyu, et al., 2018; Yaseen & Qirem, 2018; Raza, et al., 2019). 
It is important to consider technology adoption behavior is a complex process, especially in the 
banking sector (Yousafzai, 2012). This complexity is because of the constant interaction 
between consumers’ personal, social, and psychological aspects and functional, utilitarian and 
instrumental aspects of banking technology that eventually make consumers reach a final 
decision (Yousafzai, 2012). Therefore, there is a need for more investigation about the 
influence of non-cognitive factors on consumers’ behavioral intention to adopt a new e-banking 
technology. 

One of the validated influential non-cognitive factors is emotion. Beaudry and Pinsonneault 
(2010) in the IT context highlight the role of emotions as a non-cognitive factor in the adoption 
of new technology. They argue that cognitive factors do not take hold of all the antecedents of 
behavior and apart from cognitive factors, non-cognitive factors such as emotion can have a 
significant impact on the adoption of new technology  (Russell, 2003; Beaudry & Pinsonneault, 
2010). Emotion plays a significant role in an individual’s thinking, attitude, decision making, 
and action (Mehrabian & Russell, 1974).  

Most of the studies in e-banking scope have looked at how using e-banking technologies (IB 
and MB) can trigger consumers’ positive emotions such as enjoyment, fun, and pleasure and 
how these emotions impact subsequent consumers’ attitude, behavioral intention, and usage 
behavior (Salhieh , et al., 2011; Odumeru , 2012; Abbad, 2013). Although a few research pays 
attention to particular negative emotions like consumers’ level of technology anxiety in the e-
banking context (Yuen, et al., 2010; Yang & Forney, 2013), there is a need for examining how 
a broad range of negative emotions towards new e-banking technology can influence 
consumers’ behavioral intention to adopt new e-banking technology. Cenfetelli (2004) applied 
a broad range of negative and positive emotions in e-business context and show that negative 



 6
 

emotions involved in technology have a stronger influence than positive emotions on 
consumers’ behavioral intention.  

Hence, it seems that consumers’ negative emotions towards new technology may also have 
influence on their behavioral intention to adopt new emerging e-banking technology. 
Therefore, the target of this paper has been structured to examine the influence of consumers’ 
negative emotions as a barrier to the adoption of new emerging trends in e-banking technology 
such as digital currency, mobile wallet, and website customization. 

1.2. Problem background  
While the gravity of positive emotions has been identified in former researches of financial and 
banking technology adoption (e.g., enjoyment ) (Pikkarainen , et al., 2004; Salhieh, et al., 2011; 
Odumeru , 2012; Abbad, 2013; Rodrigues, et al., 2016; Santini , et al., 2019), the role of 
negative emotions has partially neglected in this area (Yousafzai, 2012). According to Shaikh 
and Karjaluoto (2015), around 36 studies from January 2005 to March 2014 tried to determine 
the role of perceived enjoyment as a kind of positive emotion in mobile banking adoption scope 
(Shaikh & Karjaluoto, 2015) whereas there is not any reported about negative emotions and 
their influence on the context of new emerging banking technology.  
 
In the IT context, the impact of emotions on individual behavioral intention to adopt new 
technology has been investigated with different terms and aspects like affective variables 
(include individual’s positive and negative feeling such as joy, elation, pleasure, depression, 
distance, and discontentment) (Venkatesh, 2000), computer or technological anxiety 
(Venkatesh, 2000; Saadé & Kira, 2006), the stimulus-organism-response framework (Lee, et 
al., 2011), PAD (pleasure, arousal, dominance) (Kulviwat, et al., 2007), and anxiety to use 
(Yang & Forney, 2013).  Cenfetelli (2004) shows that in comparison with positive emotions, 
negative emotions have a more powerful impact on consumers’ intentions to use new 
technology in e-business context (Cenfetelli, 2004).  A relatively comprehensive framework 
(an appraisal tendency framework) is developed by Beaudry and Pinsonneault (2010) that 
categorize emotions towards new technology into four quarters namely Achievement Emotion 
(e.g., happiness), Challenge Emotion (e.g., excitement), Loss Emotion (e.g., anger), and 
Deterrence Emotion (e.g., anxiety).  
 
Apart from hedonic motivation (like enjoyment) that already have been used in the previous 
models of banking technology adoption (Shaikh & Karjaluoto, 2015), based on this study it 
can be assumed that other emotions like loss emotions and deterrence emotions can possibly 
impact on consumers’ intention to the adoption and usage of new emerging e-banking 
technology. However, this issue has hardly ever investigated.  

1.3. Purpose of the study  
The purpose of this study is to investigate whether consumers’ negative emotions (e.g. anger, 
anxiety, frustration, worried, and stressed) toward new e-banking technology influence their 
behavioral intention to adopt new emerging e-banking technology. A conceptual model has 
been outlined in order to determine consumers’ behavioral intention to adopt new emerging 
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banking technology with the help of the UTAUT model and the concept of Loss Emotion and 
Deterrence Emotion extracted from the study of Beaudry and Pinsonneault (2010).  

 1.4. Division of this thesis  
In the following, in the theoretical background (chapter 2), I first try to provide a relatively 
comprehensive view of the technology adoption models in the IT context and the role of 
emotion in these models. In this part, emotion definition in the IT context and its difference 
with some similar concepts such as mood and attitude are explained. At the end of this part, 
the direction of technology adoption models and emotion in this paper are determined with the 
help of the theoretical background. In the third chapter, I discuss different research in the e-
banking scope which has investigated the role of emotion. The conceptual model of this paper 
and the hypothesis are described in the end of this chapter. Chapter 4 includes the research 
method, and chapter 5 presents the discussion, conclusion, managerial aspect, and research 
limitation, and future research.  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 8
 

Chapter 2. Theoretical background  

2.1. The history of technology adoption models 

2.1.1. Definition of technology 
The definition of technology as a word is difficult because technology can have a broad concept 
from tangible products that human use like machines to different concepts like systems or 
techniques. Generally, human alters nature to satisfy their need with the help of technology and 
also use it as a means of diffusion of knowledge and information (Oye, et al., 2014). 

2.1.2. Alternative models of technology adoption in IT context 
The theories/models of technology adoption have progressed over the years. This progress is 
based on the theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975) which is one of the 
forerunners and mostly-used theory of human behavior in developing the process of technology 
adoption models (Dwivedi, et al., 2019). The TRA describes the individual behavior intention 
that is influenced by individuals’ attitudes toward behavior and surrounding subjective norms 
(Oye, et al., 2014; Dwivedi, et al., 2019). This theory was the basis for developing two Theories 
of Planned Behavior (TPB) (Ajzen, 1991) and Technology Acceptance Model (TAM) (Davis, 
1989; Davis, et al., 1989; Dwivedi, et al., 2019).  
 
The TPB model explains that the user’s behavioral intention that is impacted by the user’s 
attitude, subjective norms, and perceptions of behavioral control determines the user’s action. 
This theory provided a useful theoretical structure that helps to understand and forecast the 
adoption of new technology in the context of information system (IS) and information 
technology (IT) (Dwivedi, et al., 2019). 
 
The TAM model describes users’ behavioral attitudes toward using new technology by three 
predictor variables named perceived ease of use, perceived usefulness, and external variables. 
Behavioral intention to use and consequently actual system use can be predicted by attitude 
toward using a system based on this model (Figure 1) (Davis, et al., 1989). Perceived ease of 
use and usefulness as two powerful predictors of users' attitudes in this model defined as the 
level that using a new particular technology is free of effort and the level that using a new 
particular technology would enhance users’ performance respectively. This model is also one 
of the most frequent technology adoption models that are applied and extended in the e-banking 
technology context. 
 
Figure 1: Technology acceptance model (TAM) (Davis, 1989) 
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In order to provide a more comprehensive framework of technology adaption, the Decomposed 
Theory of Planned Behavior (CTPB) which is a kind of combination of TAM and TPB theories 
(Taylor & Todd, 1995) was presented. The other combination of TAM and TPB theories is C-
TAM-TPB model (Taylor & Todd, 1995) that applied perceived usefulness from TAM models. 
Furthermore, the TAM model was extended by removing the external variable and replacing it 
with some new external tangible variables named subjective norms, image, job relevance, 
output quality, result demonstrability (Venkatesh & Davis, 2000).  
 
A competing direction to TRA and TPB models derived from the theory of human behavior 
presented by Triandis (1997). The model of PC utilization (MPCU) was updated and derived 
by Thompson et al. (1991) from Triandis’s model in the IS/IT context with the respect to usage 
behavior instead of intention (Dwivedi, et al., 2019). Other theories related to the technology 
adoption concept are the motivational model (MM) of computer (Davis, et al., 1992), the 
innovation diffusion theory (IDT) (Rogers, 1995), and Social cognitive theory (SCT) (Bandura, 
1986). The characteristic of innovation in the IDT model was tailored and refined to apply for 
individual technology adoption  (Moore & Benbasat, 1991) and the theory of SCT also was 
extended from the perspective of computer utilization (Compeau & Higgins, 1995; Dwivedi, 
et al., 2019). All these models were considered to conceptualize a new model of technology 
adoption named the unified theory of acceptance and use of technology model (UTAUT).  

2.1.3. The unified theory of acceptance and use of technology model (UTAUT) 
The UTAUT model is the consequence of other theories and models of technology adoption. 
It compressed the 32 variables of TRA, TAM, TPB, C-TAM-TPB, MM, MPCU, SCT, and IDT 
models into four main influential factors as well as four mediated variables to relatively cover 
all important aspects of them (Oye, et al., 2014; Tak & Panwar, 2017; Dwivedi, et al., 2019). 
The first model of the UTAUT was created by Venkatesh, Morris, Davis, and Davis in 2003 
which can predict around 70% of individual’s behavioral intention to use technology and 50% 
of technology use in the organizational context. These percentages of variance show a 
significant improvement over previous models, especially TAM model rates (TAM model 
forecast these variables between 30% and 40% respectively) (Oye, et al., 2014; Dwivedi, et al., 
2019). Four main determination of usage and intention namely performance expectancy, effort 
expectancy, social influence, and facilitating conditions were applied in the first model of 
UTAUT. Moreover, four factors of age, gender, experience, and voluntariness of use were 
employed as mediated variables (Figure 2) (Venkatesh, et al., 2003).  
 
Performance expectancy points out the level of individual perception about the usefulness of 
new innovation and its function in improving her/his performance. It pertains to five variables 
namely perceived usefulness (TAM1,2) (Davis, 1989; Davis, et al., 1989), extrinsic motivation 
(MM) (Davis, 1993), job-fit (Thompson, et al., 1991) relative advantage (Moore & Benbasat, 
1991), and outcome expectations (Compeau, et al., 1999). Effort expectancy refers to the degree 
of individual perception about the innovation and its easiness to use. Three variables of 
perceived ease of use (Davis, 1989; Davis, et al., 1989), complexity (Thompson, et al., 1991), 
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and ease of use (Moore & Benbasat, 1991) are considered as roots of effort expectancy. Social 
influence points out the level of perception that an individual realizes that a significant person 
expects that he/she should use the innovation and ultimately, facilitating condition measure the 
level of individual perception about the degree of organizational and technical infrastructure 
that exist for assisting the use of the system (Rodriguesa, et al., 2016).   
 
The first model of the UTAUT was initially developed to indicate employees’ technology 
adoption and use, afterward the second model of the UTAUT was extended in the context of 
consumers’ technology adoption to critically investigate how this model can be developed to 
other ground (Venkatesh, et al., 2012). The second model of the UTAUT added three new 
effect variables while dropped the voluntariness of use as the mediated variable (Figure 3). 
New variables involve hedonic motivation, price value, and habit. Hedonic motivation, which 
has been indicated to act significantly as a forecaster of consumers’ behavioral intention, refers 
to the fun or pleasure that may come from using technology. Price value points out the level 
of consumer cognition about the degree of benefits that she/he perceive in comparison to the 
amount of money cost for using new technology. When the monetary cost is perceived lower 
than the benefits of using technology, the price value is positive and such price value will have 
a positive influence on consumers’ behavioral intention. Finally, habit refers to behaviors that 
people perform automatically because of learning, therefore, there is a strong predictor of 
future technology use based on their previous use. In this case, habit measured based on self-
reported perception (Venkatesh, et al., 2012). 
 
Figure 2: The unified theory of acceptance and use of technology model (UTAUT1) (Venkatesh, et al., 2003) 

 
 
 
 
 
 
 
 
 
 
 
 
 

 
 
The UTAUT2 model not only pays attention to the emotional variable namely hedonic 
motivation also, has exclusively applied the model in the prediction of consumers’ behavioral 
intention to adopt new technology. Nevertheless, this model does not consider the negative 
emotions and mainly focuses on the hedonic motivation that generally refers to the fun or 
pleasure emotions that may come from using new technology and have a positive influence on 
consumers’ behavioral intention (Venkatesh, et al., 2012). Since negative emotions may 
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simultaneously have a significant influence (negatively) on consumers’ intention to adopt new 
technology, some studies in the IT/IS context have studied this concept. 

2.2. Emotion and the models of technology adoption  
In order to avoid confusion about various emotion-related concepts (affective, attitude, and 
mood) and their relations, the first step in this section is to clarify the meaning of emotion with 
the respect to new technology adoption context.  
 
 

 
 
 
 
 
 

 

Figure 3: The unified theory of acceptance 
and use of technology model (UTAUT2) 
(Venkatesh, et al., 2012) 

 

 

2.2.1 Affective 
Affective is an umbrella term that refers to a set of concepts related to emotion, moods, and 
feelings. Affective-related concepts such as attitude, satisfaction, emotional usability, 
computer playfulness, cognitive absorption, hedonic motivation, computer anxiety have been 
studied not only in the IT/IS context (Zhang, 2013), also have been applied in the e-banking 
context (Santini , et al., 2019). Thus, affective is broaden than emotion and points out a set of 
concepts that can be very different from each other (Russell, 2003; Zhang, 2013).  

2.2.2 Attitude 
In the TAM model, attitude is considered as a predictor of users’ behavioral intention toward 
new technology. Some other revised models also applied attitude as an influential factor. 
Attitude in these models is often misinterpreted emotion while attitude and emotion are totally 
distinct concepts. Attitude is a kind of judgment that is the result of an individual’s evaluation. 
Attitude points out readiness to respond while emotions are a response to a stimulus of a subject 
and are not as stable as attitude. For example, an individual may like or do not like something 
that refers to her/his attitude while emotions such as anxiety evoke to respond to a particular 
subject and its stimulus (Fishbein & Ajzen, 1975; Bagozzi, et al., 1999). Thus, different factors 
involving cognitive (Davis, 1989) and non-cognitive like emotion (Cenfetelli, 2004) factors 
can influence an individual’s attitude.  
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2.2.3 Mood 
The distinguish between emotion and mood can be explained by considering two 
characteristics of affect involving duration and object. Moods are measured in a longer period 
than emotion like hours or days while emotion is measured in seconds or minutes. In other 
words, the widespread mood is the common state of the individual and does not rely on the 
stimulus of an object (Bagozzi, et al., 1999). 

2.2.4. Definition of emotion with the respect to technology adaption context  
Generally, emotion is defined as a mental state of readiness that cultivates behavioral actions 
and aids individual to organize her/his behavior to the response of objects’ stimulus. Hence, 
emotions impact an individual's behaviors and evoke in response to the appraisal of an event 
that individuals perceived it relevant or important (Bagozzi, et al., 1999). Emotions like 
anxiety, anger, and happiness are the result of the moment that individuals' routines are 
interrupted by new technological products or services. These emotions can be evoked before 
using new technological products or services (anticipation period), kind of consciousness of a 
future interruption, or after using them (impact period) (Beaudry & Pinsonneault, 2010). For 
example, the meaning of computer anxiety that Venkatesh (2000) explained it as the 
consequence of people’s underlying assumptions about computer can be considered as the 
consciousness of a future interruption (Venkatesh, 2000). 

2.2.5. The role of emotion in the technology adoption models 
Emotion-related models in the context of technology adoption have a history that mostly 
related to computer use. Anxiety and enjoyment are the most frequent emotions that are applied 
to different models of technology adoption. Apart from positive emotions that are not the target 
of this paper, the impact of computer anxiety on users’ usage is the most repetitive negative 
emotions that have been employed by scholars in the technology adoption context. As a general 
view, different research has approved the negative influence of computer anxiety on the usage 
of computers (Todman & Monaghan, 1994; Compeau & Higgin, 1995). Venkatesh (2000) 
shows that anxiety impact the perceived ease of use as one of the key predictors of users’ 
attitude in the TAM model. Continuously, researches approved the influence of computer 
anxiety on users’ behavioral intention through effort expectancy that refers to perceived ease 
of use in the TAM model (Venkatesh, et al., 2003).  

They argue that computer anxiety is a kind of system-independent factor that can play an 
important role in forming perceived ease of use or effort expectancy. Some other research also 
tried to investigate the role of anxiety in the context of technology adoption (Table 1).  
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Table 1- Emotion in the IT context  

 

Most studies in this concept are limited to anxiety and enjoyment emotions and there is a few 
research that have applied more emotion ranges (Partala & Saari, 2015). Cenfetelli (2004) tried 
to investigate the influence of a broad range of negative and positive emotions on the TAM 
model and found that not only negative emotions were negatively related to perceived ease of 
use in the TAM model, also the influence of negative emotions are stronger than positive 
emotions. Another attempt is the study of Beaudry and Pinsonneault (2010) which is a 
relatively comprehensive study in this context. They developed a framework of four class of 
emotions named Achievement emotions (happiness, satisfaction, pleasure, relief, enjoyment), 

Authors Year Country Related significant relationships Sample Period of time 

Todman et al. 1994 UK computer anxiety >Usage behavior 180 first year psychology 
students 

impact period 

      
Compeau & Higgin 1995 Canada Affect > Usage behavior 

Anxiety > Usage behavior 
1020 knowledge workers impact period 

      
Compeau et.al  1999 Canada Anxiety > Usage behavior 394 subscribers of a business 

periodical 
impact period 
 
 

Venkatesh et al. 2003 USA Attitude >EE>BI 
Anxiety>EE >BI 

54, 65, 58, 38, 80, 53 users in 
entertainment, telecomm 
service, banking, public 
administration, financial 
services, retail electronics 
organizations respectively 

initial time 

      
Cenfetelli 2004 Canada Positive emotion >PEU 

Negative emotion >PEU 
Positive emotion >Usage intention 

387 e-business consumers impact period 

      
Brown et al. 2004 USA Compouter anxiety > CMC Anxiety 

CMC Anxiety > Usage behavior 
193 university students impact period 

      
Beaudry & 
Pinsonneault 

2010 Canada Excitement >taks adoption >IT Use 
Exitement>seeking instrumental 
support 
Anger seeking >social support >IT use 
(positively both relations) 
Anger >venting 
Anxiety >seeking social support >IT 
use 
 (positively both relation)  
Anxiety >social distancing (positively)  
>IT use (negatively) 

249 account managers in two 
banks 

annoncemet 
period 

      
Read et al. 2011 Australia Emotional attachment to paper books is 

found to be weakly and negatively 
associated with consumers’ attitude 
toward using e-readers. 

451 e-reader consumers impact period 

      
Donmez-Turan 2019 Turky User anxiety >adoption readiness 

>attitude (both negatively) 
262 administrative personnel 
working in a public university 

impact period  

      

Note: EE=Effort Expectancy; BI= Behavioral Intention; PEU= Perceived Ease of Use; CMC= Computer-Mediated Communication 



 14
 

Challenge emotions (excitement, hope, anticipation, arousal, playfulness, flow), Loss emotions 
(anger, dissatisfaction, disappointment, annoyed, frustration, disgust), and Deterrence 
emotions (anxiety, fear, worry, distress).  

 

 

 

 

 

 

Figure 4: Emotional framework in 
the context of technology adoption 
(Beaudry & Pinsonneault, 2010) 

 

This framework was conceptualized based on two dimensions of primary appraisal and 
secondary appraisal. Primary appraisal refers to whether an individual specifies a new 
information technology is an opportunity or threat. The meaning of opportunity in their view 
defined as the level an individual perceives a new technology as a possibility to help her/him 
to reach her/his target. Secondary appraisal points out an individual perception of control over 
expected outcomes of new given technology (Figure 4). This study investigated bank account 
managers’ emotion in the anticipated period and indicates the direct and indirect influence of 
emotion on IT use. 

2.3. The direction of technology adoption models in this paper 
This paper aims to focus on the revised models of UTAUT1&2 in the e-banking context. This 
thesis will use the UTAUT1&2 models as the fundamental concept for characterizing its 
proposed model. The UTAUT1&2 models not only include the most variables of previous 
models of technology adoption but also in comparison to other technology adoption models, 
determine more precisely an individual’s behavioral intention to adopt new technology (predict 
around 70% of an individual’s behavioral intention to use technology).  
 
Some research in the e-banking technology adoption try to extend the different models of 
technology adoption such as the TAM and the UTAUT1&2 models by adding new factors like 
perceived risk (Liao, et al., 1999; Odumeru , 2012; Takele & Sira, 2013; Simiyu, et al., 2018) 
and trust  (Alalwan, et al., 2015; Sánchez-Torres, et al., 2018; Alalwan, et al., 2014). They 
argue that these new factors are important for consumers in the financial markets. Some others 
just focused on the main factors of the UTAUT1&2 models and try to show which factors are 
the most powerful predictor for the prediction of consumers' behavioral intention to adopt e-
banking technology.  
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This paper tried to go further and dig especially in e-banking articles to find the role of different 
cognitive factors in the e-banking context. It is important to mention that because of the huge 
numbers of articles that have been used different models of technology adoption in the banking 
and financial context, the researcher tried to narrow articles in this scope with four main 
dimensions namely e-banking, MB, IB, and the UTAUT models. The results of this 
investigation (Appendix 1 and 2) illustrate that there is not a general agreement about the 
influence of different cognitive factors of the UTAUT1&2 on consumers’ behavioral intention 
in the e-banking context. 
 
By considering the fluctuation in the results of different researches in this context (Appendix 
1 and 2), this paper concentrates on the four independent variables of the UTAUT1&2 models 
namely performance expectancy, effort expectancy, social influence, and hedonic motivation. 
In addition, one extra factor related to the e-banking concept namely perceived risk is 
considered to the model. It seems that apart from different variables of technology adoption 
models, perceived risk is one of the most approved variables that has been used in the revised 
models of the UTAUT1&2. This factor appears as one of the strongest predictors in the context 
of e-banking,  MB, and IB. (Liao, et al., 1999; Kolodinsky, et al., 2004; Odumeru , 2012; 
Takele & Sira, 2013; Simiyu, et al., 2018; Alalwan, et al., 2014; Martinsa, et al., 2014; Tan & 
Lau, 2016; Makanyeza & Mutambayashata, 2018). 
 
This consideration has been done to reach a more precise model based on analyzing previous 
researches (Appendix 1 and 2) as well as considering the target of this study. Most of the 
research has proved the influence of performance expectancy and effort expectancy on 
consumers’ behavioral intention to adopt e-banking technology (include MB and IB) 
(AbuShanab & Pearson, 2007; Yuen, et al., 2010; Yang & Forney, 2013; Martinsa, et al., 2014). 
It is argued that the degree of usefulness and easiness of a new e-banking technology perceived 
by consumers can impact their intention to adopt new e-banking technology. Much research 
has also shown the influence of effort expectancy on behavioral intention to adopt new e-
banking technology through performance expectancy (Yuen, et al., 2010; Zhou , et al., 2010; 
Tan & Lau, 2016; Wang, et al., 2017).These results show that consumers’ perceptions about 
the usefulness of a new e-banking technology influenced by the degree that they perceive a 
new e-banking technology easy to use. Therefore, two variables of performance expectancy 
and effort expectancy have used in the conceptual model of this study since these variables are 
the most validated influential factors in the adoption of new e-banking technology according 
to analyzing the results of previous studies (Appendix 1 and 2). 
 
Social influence has been investigated as another influential factor to show how an individual 
can be affected by the belief of her/his surrounding people about using a new technology. 
Although some research have not supported the impact of social influence on consumers’ 
intention to adopt new e-banking technology (Yuen, et al., 2010; Alalwana, et al., 2017; 
Makanyeza & Mutambayashata, 2018), many others have proved it (AbuShanab & Pearson, 
2007; Zhou , et al., 2010; Yu, 2012; Yang & Forney, 2013; Martinsa, et al., 2014; Tan & Lau, 
2016; Yaseen & Qirem, 2018; Giovanis, et al., 2019). Hence, the researcher decided to consider 
this factor because not only more numbers of studies in the e-banking context have approved 
the influence of this factor on consumers’ behavioral intention, also an influential relationship 
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between social influence and negative emotion has been reported in the information technology 
context. (Beaudry & Pinsonneault, 2010).   
 
Researches have also shown the fluctuation results about the influence of hedonic motivation 
on consumers’ intention to adopt e-banking technology (Alalwana, et al., 2017; Yaseen & 
Qirem, 2018; Raza, et al., 2019). They have not reached an agreement on whether consumers’ 
perception of enjoyment and fun that may come from using a new e-banking technology can 
influence their behavioral intention to adopt it. However, examining this factor can provide a 
possibility to compare the influence of negative emotions to positive emotions. Thus,  hedonic 
motivation has been considered in the proposed model.  
 
Finally, it seems that research have not reached a consensus on the influence of facilitating 
condition on consumers’ intention to adopt new e-banking technology (Zhou , et al., 2010; Yu, 
2012; Yang & Forney, 2013; Alalwana, et al., 2017; Rahia, et al., 2018; Raza, et al., 2019). 
These studies aim to examine whether the level of individual perception about the degree of 
technical infrastructure existed for assisting the use of new e-banking technology influence 
consumers’ behavioral intention to adopt a new e-banking technology. According to Appendix 
1 and 2, studies have not shown a relationship between facilitating condition with consumers’ 
negative or positive emotions. Similarly, studies in the e-banking context do not show a 
relationship between consumers’ positive or negative emotions with two other main variables 
namely price value and habit.  
 
Thus, this paper has followed other research in this context and dropped facilitating condition 
as well as two other independent variables of habit and price values and three moderated 
variables of age, gender, and experience (AbuShanab & Pearson, 2007; Yuen, et al., 2010; 
Zhou , et al., 2010; Yang & Forney, 2013; Martinsa, et al., 2014; Tan & Lau, 2016) 

2.4. Emotion direction of this paper  
This thesis will follow Beaudry and Pinsonneault’s (2010) path and aims to examine the impact 
of consumers’ negative emotions on their behavioral intention to adopt new emerging e-
banking technology. The study of Beaudry and Pinsonneault (2010) was done in the 
organization context and its sample was employees. They tried to investigate employees’ 
emotions in the anticipated period of using a new technology. It should be considered that 
employees have to adopt new technology whereas consumers have the decision-making power 
to either adopt new technology or refuse it. However, in the consumers context, emotions not 
only are possibly perceived by consumers after launching a new technology product or service 
in the market (impact period), also may be found by them in the prior time or before using new 
technological products or services (announcement time that can also be considered as 
advertisement time in the consumers context) (Venkatesh, et al., 2012).  
 
In the context of e-banking technology, new emerging e-banking technology like digital 
currency, mobile wallet, and website customization have been already presented and advertised 
in the markets (Yusuf Dauda & Lee, 2015). Therefore, a vast majority of consumers can 
recognize these new emerging e-banking technologies because they may have used it or at least 
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heard about them. This recognition may play as a stimulus that likely evokes consumers’ 
negative emotions. This condition provides a proper possibility to investigate their negative 
emotions towards new emerging e-banking technology.  
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Chapter 3. Literature review, conceptual model and hypotheses 
 

3.1. Literature review 

3.1.1. Emotion in e-banking technology adoption models 
The result of the impact of emotion on consumers’ e-banking adoption fluctuates in different 
researches. While some research has approved the role of emotion in the prediction of 
consumers’ behavioral intention toward e-banking technology adoption, others have not 
approved this relation. Odumeru (2012) indicates the influence of perceived enjoyment on 
consumers’ acceptance of e-banking. Abbad (2013) not only approved the direct influential 
role of enjoyment in the prediction of behavioral intention to use e-banking by testing an 
extended model of the TAM between 319 non-users of e-banking services, also indicates the 
indirect impact of enjoyment on consumers’ behavioral intention to use e-banking through 
perceived ease of use and perceived usefulness. In the same way, Salhieh et al. (2011) indicate 
the influence of enjoyment as a part of their consumers’ technology acceptance and readiness 
model on consumers’ intention toward e-banking adoption and readiness. They argue when 
consumers find the usage of different channels of e-banking is an enjoyable experience, they 
probably accept using e-banking services. Santini et al. (2019) also have done a meta-analysis 
of a total of 142 articles in the banking context and shows perceived enjoyment have an impact 
on consumers’ attitude and behavioral intention to use new banking technology.  

The probable influential role of enjoyment has also been approved by applying the UTAUT 
model. Raza et al. (2019), Makanyeza and Mutambayashata (2018), and Alalwana et at. (2017) 
show that hedonic motivation as a part of the UTAUT model has an influence on consumers’ 
intention to adopt and use e-banking technology like MB and IB. Whereas, Farah and et al. 
(2018) illustrate that hedonic motivation is the strongest predictor of consumers’ behavioral 
intention toward adoption of MB, Gupta and Arora (2020) shows that this factor is the weak 
predictor of behavioral intention toward adoption of mobile payment systems. This contrasting 
result can also be found in other studies. Oliveira et al. (2016) and Kwateng et al. (2019) also 
show that hedonic motivation does not play an influential role in the prediction of behavioral 
intention to use MB. Similarly, Yaseen and Qirem (2018) applied a revised model of the 
UTAUT and illustrate that hedonic motivation does not influence behavioral intention to use 
e-banking. Moreover, Yuen et al. (2010) applied the extended version of the UTAUT model in 
both developed and developing countries and conclude that anxiety is not an influential factor 
of behavioral intention to use internet banking services. Table 2 shows a summary of some 
articles that investigate the role of emotion in the context of e-banking technology adoption.  
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Authors Year Country Related significant relationships Sample 

Yuen et al. 2010 
USA 
Australia 
Malaysia 

Both developing and Deveoped countries: 
Anxiety is not influential factors of 
behavioral  
intention to use internet banking services 

766 IBS users 

Salhieh et al. 2011 Jordan 
Enjoyment influenceconsumers acceptance  
of e-banking cahnnels 

 
60 managers in five 
departments in the banks 
30 IT managers &150 bank 
customers  

Odumeru  2012 Nigeria  
 
Percived enjoyment influence the acceptance  
of e-banking 

258 bank consumers 

Abbad 2013 Jordan 

 
Enjoymen influence Perceived usefulness 
Enjoymen influence Perceived ease of use 
Enjoyment influence intention to use e-
banking directly  
Enjoyment influence intention to use e-
banking through Perceived usefulness and 
Perceived ease of use 
 

319 non-users of e- banking 
services 

Oliveira et al. 2016 Portugal  
Hedonic motivation is not influential factors 
of behavioral intention to use MB services 

301 students and alumni from 
universities  

 
Alalwan et al. 

2016 Jordan  
 
Hedonic motivation is an influential factors 
of behavioral intention to use MB services 

323banking customers 

 
Alalwana et al. 

2017 Jordan  
 
Hedonic motivation is an influential factors 
of behavioral intention to use MB services 

343 banking customers. 

Yaseen et al. 2018 Jordan 
 
Hedonic motivation is not influential factors 
of behavioral intention to use MB services 

348 customers who are using 
 e-banking services  

Makanyeza et al. 2018 Zimbabwe  

 
Hedonic motivation is an influential factors 
of behavioral intention to adopt plastic money 
Usage behavior 

528 consumers  

 
Farah et al. 

2018 pakistan 

 
Hedonic motivation is the strongest predictor  
of behavioral intention to adopt plastic money 
Usage behavior 

385 bank consumers 

 
Oliveira et al. 

2019 Brazil  
 
Enjoyment perception is an influential factors 
of behavioral intention in banking services 

a meta-analysis of a total  
of 142 articles 

     

Raza et al. 2019 Pakistan 
Hedonic motivation is an influential factors 
of behavioral intention to use MB services 

299 users of Islamic banks 

Kwateng et al. 2019 Ghana  
 
Hedonic motivation is not influential factors 
of behavioral intention to use MB services 

300 users of m-banking 

Gupta& Arora 2020 India 

 
Hedonic motivation is a weak predictor of 
behavioral intention to use mobile payment 
systems 

267 mobile payment  users 

Table 2- Emotion in the context of e-banking technology adoption 
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3.2. Conceptual model and hypotheses 

3.2.1 Loss and deterrence emotions 
Emotions such as anger, annoyed, dissatisfaction, frustration, and disgust are probably 
experienced when people confront an IT event (Beaudry & Pinsonneault, 2010). These kinds 
of emotions classified as Loss emotions reflect “the perception of an IT event as a threat and 
the perception of a lack of control over its consequences” (Beaudry & Pinsonneault, 2010, p. 
694). In the context of a new technology event, the suggestion is that people who feel angry 
when confronted with a new technology normally try to overcome the new situation by seeking 
social support. These people usually look for understanding, advice, or support from their 
friends, family members, or colleagues (Bagozzi, et al., 1999). Anger as one emotion of Loss 
emotion class is positively relevant to looking for social support and indirectly influence the 
use of IT. This means that social support that can be considered similar to social influence in 
the UTAUT model plays a reversal role for an angry response. Social support can make angry 
respondents feel better and positively encourage them to use the new technology. Thus, it 
seems that the negative impact of loss emotions can be retaliated by social influence (Beaudry 
& Pinsonneault, 2010). 
 
Emotion theories argue that different adoption and goal behaviors can be derived from different 
emotions from different classes (Bagozzi, et al., 1999; Han, et al., 2007) and as emotions are 
steered by the psychological and evaluative assessment of a new technology, different sets of 
emotions and emotional responses can be occurred by facing to a new technology (Beaudry & 
Pinsonneault, 2010). Therefore, this study for the coverage of other kinds of possible negative 
emotions considers Loss emotion as one main variable that measured with sub-variables of 
anger, annoyed, frustration, dissatisfaction, disappointment, and disgust and hypothesize that:   
 
H1: Loss Emotions have a significant effect on Social influence.  
 
Emotions in the class of deterrence emotions such as anxiety, fear, worry, and distress are 
perceived when people assume a new technology as a threat but, in contrast to loss emotions, 
they feel some level of control over its consequences (Beaudry & Pinsonneault, 2010). 
Venkatesh (2000) shows that anxiety, one emotion of the deterrence emotions, is completely 
mediated by perceived ease of use in the technology acceptance model (TAM). The impact of 
anxiety on ease of use and perceived ease of use are examined and approved by different studies 
in the context of new technology (Venkatesh, 2000; Dickinson & Hill, 2007; Hackbarth, et al., 
2003; Saadé & Kira, 2006; Cenfetelli, 2004). Similarly, the main study of the first version of 
the UTAUT model conjectured that anxiety is not a direct determinant of behavioral intention 
in the context of new technology and effort expectancy probably play a mediate role in the 
connection between anxiety and behavioral intention (Venkatesh, et al., 2003; Venkatesh, 
2000). Moreover, Cenfetelli (2004) discusses the influence of a set of negative emotions 
involving unhappiness, worry, anger, nervousness, regret, disgust, fear, anxiety, and irritation 
(both loss and deterrence emotions) on perceived ease of use and shows that negative emotions 
have a stronger impact than the positive one. In addition, in the context of IT use, Beaudry & 
Pinsonneault (2010) discuss that the influence of anxiety (as one emotion of deterrence emotion 
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class) on IT use is positively associated with seeking social support. Therefore, this paper 
hypothesizes that: 
 
H2: Loss emotions have a significant influence on Effort expectancy. 
H3: Deterrence emotions have a significant influence on Effort expectancy. 
H4: Deterrence emotion have a significant influence on Social influence. 
 
 
Figure 5: The proposed conceptual model 

 
 
 
 
 
 

 

 

3.2.2. Performance expectancy 
Performance expectancy points out the user’s belief about the degree of benefits handed over 
by using a particular technology in carrying out certain activities (Venkatesh, et al., 2012; 
Venkatesh, et al., 2003). Although Yaseen and Qirem (2018) indicate that performance 
expectancy is not an influential factor in determining consumers’ behavioral intention to use 
e-banking in Jordan, this variable as one the most approval and compatible concept in the 
acceptance technological innovation have been extensively verified regarding the e-banking 
and e-commerce field (AbuShanab & Pearson, 2007; Yuen, et al., 2010; Yang & Forney, 2013; 
Martinsa, et al., 2014; Sánchez-Torres, et al., 2018; Raza, et al., 2019).  
 
H5: The performance expectancy has a significant influence on consumers’ behavioral 
intention to use a new emerging e-banking technology.  

3.2.3. Effort expectancy 
Effort expectancy refers to the level of ease associated with the usage of new technology 
(Venkatesh, et al., 2003). If a user finds technology easy to use, their willingness to use it will 
increase. In other words, the more easiness of technology, the more adoption rate (Lewis, et 
al., 2010). A positive attitude towards new financial application will be created, if consumers 
perceived it as an interface that is user friendly (Mazhar, et al., 2014; Raza, et al., 2019). In the 
same way, effort expectancy has also been identified as a significant predictor in the different 
revised models of UTAU in the context of e-banking adoption (Yaseen & Qirem, 2018; 
Sánchez-Torres, et al., 2018). Moreover, the influence of effort expectancy on behavioral 
intention to adopt new e-banking technology through performance expectancy has been 
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approved by many research (Yuen, et al., 2010; Zhou , et al., 2010; Tan & Lau, 2016; Wang, 
et al., 2017). Hence, the following hypothesizes are suggested: 
 
H6: The effort expectancy has a significant influence on consumers’ behavioral intention to use 
a new emerging e-banking technology.  
 
H7: The effort expectancy has a significant influence on performance expectancy. 

3.2.4. Social influence 
Social influence refers to the level to which an individual perceives the importance of other's 
opinions or beliefs about her/his use of new technology (Venkatesh, et al., 2003). This concept 
has been extended to banking’s consumers’ beliefs that explains how an individual perceives 
other's belief importance about her/his acceptance and usage of e-banking services (Venkatesh, 
et al., 2012; Yaseen & Qirem, 2018). While some research did not approve the impact of social 
influence on consumer’s behavioral intention (Yuen, et al., 2010; Alalwana, et al., 2017; 
Makanyeza & Mutambayashata, 2018), some other research point out social influence as a 
critical determinant in predicting or determining people’s behavioral intention to use e-banking 
services (Zhou , et al., 2010; Yu, 2012; Yang & Forney, 2013; Alam, 2014; Martinsa, et al., 
2014; Yaseen & Qirem, 2018). Although there is not a consensus for the influential role of 
social influence in the e-banking context, this study decided to consider this factor because of 
its probable mediated role between consumers' negative emotions and their behavioral 
intention. Thus, based on previous studies this paper posits that: 
 
H8: The social influence has a significant influence on people’s behavioral intention to use a 
new emerging e-banking technology.  

3.2.5. Hedonic motivation 
Basically, Venkatesh et al. (2012) suggest the direct influential role of hedonic motivation in 
determining consumers’ behavioral intention to use new technology. Hedonic motivation refers 
to the fun, pleasure, and enjoyment that may come from using technology. Over the IT/ IS 
context, Abbad (2013) also indicate the impact of this factor on consumers’ behavioral 
intention to adopt new e-banking technology. Although Yaseen and Qiren (2018), Kwateng 
and et al. (2019), Gupta and Arora (2019) do not find a significant relationship between hedonic 
motivation and consumers’ behavioral intention to use e-Banking and MB, Alalwana et al. 
(2017), Makanyeza and Mutambayashata (2018), Farah et al. (2018), show that hedonic 
motivation can encourage consumers to adopt and use MB. However, in order to re-examine 
the influential role of this factor in the e-banking context the following hypothesis is suggested: 
 
H9: The hedonic motivation has a significant influence on people’s behavioral intention to 
adopt new emerging e-banking technology.  
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3.2.6. Perceived risk 
Perceived risk is defined as the level of uncertainty that corresponds with the usage of new 
technology (Tan & Lau, 2016). The impact of perceived risk on consumers’ behavioral 
intention in the e-banking context has been especially studied in two specific areas namely MB 
and IB (Alalwan, et al., 2014; Farah, et al., 2018; Giovanis, et al., 2019). Riquelme and Rios 
(2010) indicate that the consumers’ willingness to adopt MB is negatively influenced by 
increasing the degree of perceived risk. Tan and Lau (2016) show that perceived risk is one of 
the strongest predictors of consumers’ behavioral intention to adopt MB. Martins et al. (2014) 
indicate that considering the perceived risk in the UTAUT1 model can increase its predictive 
power in determining consumers’ behavioral intention to adopt IB. They explain while 
performance expectancy, effort expectancy, and social influence are connected to consumers’ 
behavioral intention, perceived risk is a stronger predictor of intention to adopt IB. 
Cunningham (1967) decomposed perceived risk into six dimensions named performance, 
financial, time/opportunity, safety, social, and psychological risk. Featherman and Pavlou 
(2003) used this category while dropped safely dimension from it and add privacy risk. They 
typified perceived risk as having seven facets named performance, financial, privacy, 
psychology, social, and overall risk and indicated how these factors can act as negative utilities 
to e-service adoption. They show collinearity between four dimensions of perceived risk 
namely financial, time, privacy, and performance, and conclude that the most salient concern 
for perceived risk is performance-related dimensions namely performance, financial, time, and 
privacy risk. Similarly, Martins et al. (2014) prove that performance, financial, time, and 
privacy risks are the most salient concern for perceived risk in the internet banking adoption 
context. Therefore, in order to investigate the role of perceived risk in determining consumers’ 
behavioral intention to adopt new emerging e-banking, perceived risk can be hypothesized: 
 
H10: The second order factor of four salient risks is perceived risk. 
H10a: Perceived risk has a significant influence on performance risk. 
H10b: Perceived risk has a significant influence on financial risk. 
H10c: Perceived risk has a significant influence on privacy risk. 
H10d: Perceived risk has a significant influence on time risk.  
H11: The perceived risk has a significant influence on people’s behavioral intention to adopt 
new emerging e-banking technology.  
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Chapter 4. Research method and empirical results 

4.1. Research approach 

As it was mentioned before in the body of this paper, the target of current research is to 
determine influential factors of customers’ behavioral intention to adopt new emerging e-
banking technology. Similar to other research in this context (Arias-Oliva, et al., 2019; Beaudry 
& Pinsonneault, 2010; Kolodinsky, et al., 2004), it seems that the questions of this paper 
characterized based on its target can be answered with the help of quantitative research 
methodology. Therefore, as a philosophical view, current research relatively aligned the 
positivism approach. 

Generally, social scientists try to investigate social phenomena with the help of research 
methodologies (Holden & Lynch, 2004). Quantitative and qualitative methodologies are two 
main and most popular forms of research methodologies in the context of social science that 
are grounded on positivism and interpretivism paradigms respectively (Tuli, 2010). 
Description of positivism and interpretivism paradigms indicate how different philosophical 
assumptions about the nature of social reality (named ontology) and the nature of knowledge 
(named epistemology) are the underlying core of selecting quantitative and qualitative research 
methodology (Tuli, 2010).  

Epistemology and Ontology are two philosophical approaches that underline two paradigms of 
positivism and interpretivism. Epistemology asks questions about the nature of knowledge. 
There are two main epistemological positions named empiricist and constructivism. Similarly, 
Ontology which points out the nature of reality has two broad and contrast positions named 
objectivism and constructionism (Braun & Clarke, 2013). Researchers who work from a 
positivism/empiricist/ objectivism perspective explain the social phenomena in quantitative 
terms. They assume that reality already exists in the world and needs to be discovered with the 
help of scientific methodology. They want to investigate how variables shape events and cause 
results. In contrast, researchers who work from the interpretivism/ constructivism/ 
constructionism perspective argue that human interaction constructs reality and people build 
their own social reality. They use qualitative research methodology to investigate and interpret 
social reality in the context and view of participants (Burrell & Morgan, 1979; Tuli, 2010).  

According to the mentioned philosophical theories, this study selected the 
positivism/empiricist/ objectivism perspective. This selection is because of the nature of this 
study that wants to analyze the influence of some cognitive and non-cognitive factors on 
consumers’ behavioral intention. It should be considered that there are different research 
methodologies that not only may choose because of a researcher’s philosophical orientation, 
also they may be selected because of its fitness to the purpose of a given research question 
(Tuli, 2010). Based on the literature review of this paper, different cognitive and non-cognitive 
influential factors on consumers' behavior in the e-banking context have already explored and 
investigated by different research. Therefore, this study uses a quantitative approach to test the 
relationship between factors that have already existed and explored in the e-banking context.  
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4.1.1. Sample 
The purpose of this article is to investigate the influence of consumers’ negative emotions on 
consumers' behavioral intention to adopt new emerging e-banking technology in Sweden. 
When we want to determine the population of research, it is important to be clear about the 
target of the research (Oakshott, 2012). Regarding the target of this paper, the population of 
this research can be considered as every person in Sweden who not only use e-banking services, 
also have a minimum technological knowledge to understand the function of new emerging e-
banking technology. Indeed, it is obvious many people use current e-banking services like 
mobile applications or online bank services and generally know about the meaning and 
function of these services. However, they would need more information to distinguish between 
new emerging e-banking technology and current e-banking technology (Arias-Oliva, et al., 
2019). Moreover, research illustrates that young consumers recognized as group consumers 
who show the strongest preference for new banking technology (Bednar, et al., 1995; 
Rugimbana, 2007). Therefore, two mentioned limitations have been used as two criteria to 
narrow the population of this paper.  
 
In order to be sure that the participants probably are young and have a reasonable perception 
and understanding of new emerging e-banking technology, this paper considered university 
student adults in Sweden as its main population. This paper used convenience sampling as its 
sampling procedure because of easy accessibility to students’ email addresses for the 
researcher. Convenience sampling refers to a kind of nonprobability or nonrandom sampling 
in which some practical criteria like geographical proximity, availability at a given time, and 
easy accessibility are beringed up for selecting the member of the target population (Etikan, et 
al., 2016).  

4.1.2. Measurement instrument development 
In order to test the theoretical construct, a survey was conducted in Sweden. An online 
questionnaire was developed to contact data based on constructs and items of literature 
(Appendix 1&2). The questionnaire was designed in three parts. The first part included 
demographic questions namely gender, age, education, income, citizenship, and major. The 
second part of the questionnaire included general questions related to e-banking technology. 
These questions show how many responders had already heard about new emerging e-banking 
technology such as digital currency, mobile wallet, and website customization, and how many 
had already used them. The second part of the questionnaire included questions related to the 
main target of the current paper namely items relevant to consumers’ negative emotions 
towards new emerging e-banking technology, models of technology adoption, and perceived 
risk respectively. The questionnaire was initially created in English and the final version was 
translated into Swedish. As most of the Swedish universities have a lot of international 
students, and as the given population of this paper is students in Sweden, both English and 
Swedish version of the questionnaire was sent to them. This attempt help the researcher to 
reduce biases and cover more variety. Moreover, A pilot survey with 30 responds was 
conducted in order to test the reliability and validity of items and the whole questionnaire. In 
the following, firstly, the measurement items for emotions, e-banking technology adoption, 
and perceived risk will be explained separately. Secondly, after a brief explanation about the 
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meaning of validity and reliability, the results of the pilot test and the changes in the initial 
version of the questionnaire will be presented.  

4.1.3. Emotion items  
The most frequently approaches to conduct data about emotions is using self-report approaches 
especially in the marketing sector (Bagozzi, et al., 1999). Therefore, to measure items related 
to the emotion part, this paper followed Beaudry and Pinsonneault (2010) and ask respondents 
to report the degree to which they feel each emotion by using the five-point Likert scale ranging 
from “not at all” to “extremely”. Different range of positive and negative emotions have been 
reported by considering different stimuli such as advertisements or products/consumptions 
(Mehrabian & Russell, 1974; Edell & Burke , 1987; Westbrook, 1987). As the main stimulus 
in the current research is related to new e-banking technology, the range of negative emotions 
proposed in the emotional framework of Beaudry and Pinsonneault (2010) was considered. In 
sum, two ranges of negative emotions called Loss emotions (Anger, Dissatisfaction, 
Disappointment, Annoyed, Frustration, and Disgust) and Deterrence emotions (Anxiety, Fear, 
Worry, and Distress) was regarded in the questionnaire.  

4.1.4. Technology adoption items 
Similar to other research in the context of e-banking technology (Appendix 1&2), this paper 
also used influential factors of technology adoption in the context of IT in order to determine 
salient predictors of consumers’ behavioral intention towards new emerging e-banking 
technology. All measurement items in this part were adopted from literature with slight 
modifications with respect to new e-banking technology. Four items of this part namely 
Performance Expectancy (PE), Effort Expectancy (EE), Social Influence (SI), and Hedonic 
Motivation (HM) were adopted from Venkatesh et al. (2012). The questions of technology 
adoption items were expressed in the statements scored on a five-point Likert-type scale, where 
ranged from 1= strongly disagree to 5= strongly agree. 

4.1.5. Perceived risk items 
This study intends to focus on four salient facets of perceived risk. Items related to four salient 
facets of perceived risk were adopted from Featherman and Pavlou (2003) with the respect to 
e-banking technology context. Similar to other items of the questionnaire, the questions of this 
part were expressed in the statements scored on a five-point Likert-type scale, where ranged 
from 1= strongly disagree to 5= strongly agree.  

4.1.6. Reliability and validity of the instrument 
Although, this study applies scales validated in previous researches (Table 3), the validity of 
the questionnaire also was determined by two experts who were knowledgeable in IT and e-
banking context. Moreover, a pilot study was conducted to test the internal consistency of the 
questionnaire by the use of Cronbach’s alpha (Table 4). The results confirm the reliability of 
the scale items. As measuring factors related to human behavior is the most important part of 
social science research, the validity and reliability of measurement instruments are vital (Drost, 
2011). Validity is defined as the quantity to which an instrument measures what it wants to 
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measure (Kimberlin & Winterstein, 2008). Reliability refers to which a measurement is 
repeatable and consistent in different situations or conditions. In other words, reliability points 
out the stability of measurement over different conditions. One of the main ways of measuring 
the reliability of a questionnaire is to measure its’ internal consistency. The most popular 
method to test the internal consistency in social science is Coefficient alpha which usually 
called Cronbach’s alpha (Drost, 2011). The satisfactory rate of Cronbach’s alpha is 𝛼 > 0.7 
(Tavakol & Dennick, 2011). 
 
Table 3- Measurement items 

 

 
 
 



 28
 

Table 4- The internal consistency of constructs /Cronbach’s alpha is 𝛼 > 0.7 

 
 
 
 
 
 

 

4.1.7. Data 
Online web surveys provided by Google forms and Survey Monkey are the most popular and 
admired sources of academic research data in the current era (Gupta & Arora, 2019). Data for 
this study was collected by an online survey sent to students who study in Sweden. A hyperlink 
of the Google survey form was sent to around 750 students with the help of email as well as 
posted into different social media channels and groups on Facebook, WhatsApp, Instagram, 
and Telegram which had students’ members. In order to be sure that only students will 
participate in the online survey, an alarm message was designed to ask people to ignore the 
post if they are not a student in Sweden. Data were obtained during 6 months from 1 April 
2020 to 15 September 2020.  To obtain more response rate, a postcard reminder was emailed 
to participants after one month, also a message reminder was sent every month to all online 
social medial groups and channels. Due to exclude students who have never heard about new 
emerging e-banking technology, two questions were considered in the survey. In total, 120 
respondents filled out the online survey which shows a 16 percent return rate.  Seven of 120 
participants were those who had never heard about new e-banking technology such as digital 
currency (e.g. bitcoin), mobile wallet, and website customization. As this study concentrates 
on consumers’ negative emotions towards new e-banking technology and emotions would be 
evoked during the anticipation period or impact period (Beaudry & Pinsonneault, 2010), it was 
decided to drop the seven responses for the analysis. Moreover, among the 120 responses, 4 
cases were discarded because the responses did not answer all questions. Eventually, 109 valid 
questionnaires were considered for further data analysis. 

4.1.8. Sample profile 
The demographic profile of this study comprises 50.45 percent female and 49.54 percent males. 
The majority of the participants were age 25-35 (47.70 percent) and 18-25 (42.20 percent) 
years old while the percentage of the participants who were older than 35 years old was only 
10.8 percent. So, the sample of this study relatively represents a young population who are 
familiar with new emerging e-banking technology. The 52.29 and 32.11 percent of respondents 
were studying master and bachelor respectively whereas 15.59 percent of them were PhD 
students. Furthermore, the highest percentage of respondents (65.13 percent) had income 
between 1000 to 10000 Swedish krona 1(SEK or Kr). Other respondents include 8.25 percent 

                                                
1 The official currency of Sweden 
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who had income between 10000 and 20000, 20.18 percent earned between 20000 to 30000 and 
remaining (6.42 percent) had an income of 30000 or more. Out of 109 respondents, 95 (77.98 
percent) were international students whereas the remaining 24 (22.01percent) were domestic 
students. In order to distinguish the awareness level among participants about new emerging 
e-banking technology such as digital currency (e.g. bitcoin), mobile wallet, and website 
customization, two questions were applied. The questions intended to identify whether the 
consumer had ever heard about or used new emerging e-banking technology. The finding of 
these questions indicates that 94.7 percent of participants had heard about new emerging e-
banking technology and 50.4 percent of them had the experience to use new emerging e-
banking technology. Only 5.3 percent of respondents had never heard about new e-banking 
technology which was omitted from the sample for further analysis. 
 
Table 5- Profile of responds 

 

4.1.9. Statistical method 
This paper used the Partial Least Square Structural Equation Modeling (PLS-SEM) for 
analyzing its conceptual model and hypotheses. SEM provides the possibility to 
simultaneously examine a series of interrelated dependence relationships incorporated into an 
integrated model. There are two primary techniques for SEM named covariance-based SEM 
(CB-SEM) and variance-based SEM (PLS-SEM). The variance-based approach of SEM (PLS-
SEM) was considered suitable for this paper. Generally, the CB-SEM approach is suitable for 
testing a set of relationships between multiple variables to reject or confirm theories while the 
PLS-SEM approach is primarily suitable for developing theories. PLS-SEM approach 
concentrates on explaining the variance in the dependent variables when examining a model 
(Sarstedt, et al., 2015). The conceptual model of this paper has not been tested in earlier 
literature and is trying to investigate the variance of consumer behavioral intention to use new 
emerging e-banking technology with the help of different cognitive and non-cognitive 
independent variables.  
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Hair et al (2014) discuss the most prominent justifications as additional requirements to use 
the PLS-SEM approach. They argue that the PLS-SEM approach is a suitable approach to 
evaluate non-normal data whereas the CB-SEM approach with non-normal data can lead to 
inflated goodness-of-fit measures. In line with many social sciences of research, this study also 
has a non-normal distribution (Hair Jr, et al., 2016; Hair Jr, et al., 2014). Thus, the researcher 
decided to use the PLS-SEM approach because it does not require a distributional assumption. 
Secondly, Hair Jr and et al (2014) argue that sample size can influence some aspects of SEM 
involving parameter estimates, model fit, and statistical power. Both PLS-SEM and CB-SEM 
approaches can take advantage of a much smaller sample size. However, the PLS-SEM 
generally attains a higher level of statistical power in small sample sizes (Hair Jr, et al., 2014). 
Moreover, PLS-SEM is suitable for predictive purposes and appropriate for examining path 
models with typically more than five constructs when small samples are used. (Sarstedt, et al., 
2015; Reinartz, et al., 2009). The current research model is also a relatively complex model 
with more than five constructs. Smart PLS V 3.3.2 software is applied to evaluate the research 
model (Ringle, et al., 2015). The conceptual model is examined to assess reliability and 
validity, and then the structural model is tested. 

4.2. Estimation of measurement and structural model  
The construct reliability, indicator reliability, convergent validity, and discriminate validity of 
the measurement model was assessed using composite reliability, Cronbach’s α, CFA, and 
AVE.  

4.2.1. Reliability 
Composite reliability and Cronbach’s α were used to test the construct reliability of the 
measurement model. As shown in table 6, composite reliability and Cronbach’s α for all 
constructs are above 0.7 which indicates that the constructs are reliable (Hair, et al., 2011). The 
factor loading is considered to estimate indicator reliability. The loading of each item should 
be greater than 0.70 and every loading for less than 0.4 should be omitted (Hair, et al., 2011). 
Three emotions of loss and deterrence emotions namely “disappointed”, “disgust”, 
“dissatisfaction”, and “distressed” were dropped because of their low factor loading. The 
remaining loadings are higher than 0.7, and all items of constructs are statically significant at 
0.05. Therefore, the instrument illustrates good indicator reliability.   
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Table 6- Evidence of constructs reliability and validity  

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

4.2.2. Validity 
The convergent validity indicated that the latent variable describes more than half of the 
variance of its indicators. The common criterion to estimate convergent validity is Average 
Variance Extracted (AVE). The AVE should be greater than 0.5 for all constructs to conclude 
a measurement model indicates a good convergent validity  (Fornell & Larcker, 1981; Hair, et 
al., 2011). Table 6 shows that all constructs of the measurement model of this study have the 
AVE higher than 0.5.  
 

Table 7- Evidence of discriminate validity 
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The other validity of the constructs that should be tested is discriminant validity. Two criteria 
of Fornell-Larcker and cross-loading are used to evaluate this validity. Fornell-Larcker shows 
that the square root of AVE would be higher than all correlations coefficient between each pair 
of constructs if the discriminant validity was fulfilled (Fornell & Larcker, 1981). The diagonal 
values in table 7 indicated the square root of AVE and the off-diagonal values are the 
correlation between the corresponding constructs. The second element for verifying 
discriminant validity is the cross-loading criterion (Table 6). The discriminant validity of a 
scale would be satisfied if the loading of each indicator was greater than all other cross-loadings 
(Chin, 1998). Overall, the measurement model results demonstrate that the reliability and 
validity of the constructs in this study are satisfactory. Therefore, the structural model can be 
tested by using constructs.  

4.2.3. Structural model 
The research hypotheses were tested using PLS-SEM bootstrapping approach. The value of the 
t-statistic was considered to evaluate the hypotheses formulated and determine whether they 
were supported or not. The research hypothesis would be validated if the value of t-statistic is 
higher than or equal to 1.96. As the results of the PLS estimation shown in Table 8, the value 
of t-statistic for four hypotheses namely H2, H5, H7, and H11 is superior to 1.96 which shows 
these hypotheses are confirmed.    
 

Table 8-Structural model result 

 

Moreover, the values of the t-statistic, R2, and path confidence of four sub-facets of perceived 
risk (Figure 6) show a significant and strong relationship between four salient risk elements 

and perceived risk as the second order factor of these risks (H10a: t-value= 66.823,  = 0.925; 

 < 0.05), (H10b: t-value= 24.427,  = 0.833;  < 0.05), (H10c: t-value= 22.871,  = 0.808;  < 

0.05), (H10d: t-value= 13.636,  = 0.747;  < 0.05). Thus, the results support the acceptance of 
hypotheses H10. 

The approved hypotheses are related to the relationship between loss emotion and effort 
expectancy, effort expectancy and performance expectancy, performance expectancy and 
behavioral intention, and risk perceived and behavioral intention. The results also indicate that 
the hypotheses related to the influence of deterrence emotion on effort expectancy and social 
influence (H3 and H4) are not approved. Similarly, hypotheses evaluated the relationship 
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between effort expectancy (H6), social influence (H8), hedonic motivation (H9), and 
behavioral intention are not supported.  

Figure 6: Structural model with path confidence and r-square 

 

The final step is to evaluate the model’s predictive accuracy with the help of the coefficient of 
determination (R2). The R2 value indicates the variance explained in each of the endogenous 
constructs (Hair, et al., 2011). Overall, reviewing the R2 value of each endogenous constructs 
in the proposed model elaborates that the model explains 40% of behavioral intention to adopt 
new emerging e-banking technology. The model also shows that loss emotions explain around 
10% of the variation in effort expectancy while effort expectancy explains 25% of performance 
expectancy. Among significant constructs explained the behavioral intention to adopt new 

emerging e-banking technology, perceived risk is the most important construct ( = -0.36;  < 

0.05), followed by performance expectancy ( = 0.22;  < 0.05). The model illustrates whereas 

loss emotion can influence effort expectancy negatively ( = -0.25;  < 0.05), effort expectancy 

impact positively on performance expectancy ( = 0.22;  < 0.05).  

4.3. Ethical consideration 
Considering ethics as an integral part of all phases and aspects of research is necessary. In both 
qualitative and quantitative researches, respect for participation such as informed consent, the 
welfare of the participants, social responsibility, confidentiality as ethical principles should be 
considered (Braun & Clarke, 2013). Consequently, these principles plus other ethical principles 
including the confidentiality of the information collected and the data-strong issue (Bell, et al., 
2018) took into account in this study. Particularly, a vivid message that was attached to the 
online questionnaire indicated that participating in the survey is voluntariness. Moreover, the 
questionnaire was designed in a way to avoid asking any questions that may reveal the 
participants' personal identity. 
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Chapter 5. Discussion, conclusions, implications, limitations and future 
research  

5.1. Discussion 
The results of this study support five of its eleven hypotheses related to consumers’ behavioral 
intention to adopt new emerging e-banking technology. Supported hypotheses suggest that 
between two range of negative emotions namely loss emotions (anger, annoyed, frustration) 
and deterrence emotions (anxiety, worried, fear), the earlier impacts on consumers’ effort 
expectancy negatively. Loss emotions explain 10 percent of the variation of effort expectancy. 
There is also an influential relationship between consumers’ effort expectancy and 
performance expectancy. The findings propound that consumers’ effort expectancy explains 
25 percent of the variation of consumers’ performance expectancy. It can be concluded that 
loss emotions can have a negative and indirect influence on consumers’ performance 
expectancy. This result follows the prior research findings and shows that loss emotions like 
anger are not directly related to behavioral intention and usage behavior (Cenfetelli, 2004; 
Beaudry & Pinsonneault, 2010).  

People would feel loss and deterrence emotions when confronted with a new IT event. These 
emotions evoke because they probably perceive the new IT event as a threat. Also, they may 
feel negative emotions because they feel that they have a lack of control over its expected 
consequences of a new IT event (loss emotions) or have some control over its expected 
consequences of it (deterrence emotion) (Beaudry & Pinsonneault, 2010). Thus, regarding the 
finding of this paper, it can be discussed that consumers in the e-banking context feel loss 
emotions such as anger, frustration, and annoyed because they not only perceive the new 
emerging e-banking technology as a threat, also they comprehend lack of control over the 
consequence of them. Beaudry & Pinsonneault (2010) define threat in contrast to opportunity 
which means how an individual thinks a new IT event can help her/him to reach her/his goal. 
Therefore, when consumers meet a new e-banking technology they feel loss emotions because 
of two reasons. Firstly, they may perceive the new e-banking technology as a threat that 
prevents them to reach their financial goal such as transferring money. Secondly, they perceive 
a lack of control over the expected consequences of the new e-banking technology. Finally, 
these emotions can reduce their effort expectancy, performance expectancy, and consequently 
consumers’ behavioral intention to adopt new emerging e-banking technology.  

Venkatesh (2000) shows that computer anxiety (sample of deterrence emotions) is one of the 
general anchors for the formation of perceived ease of use (effort expectancy). He argued that 
when people face a possibility to use a computer, feeling anxiety or fear is their spontaneous 
reaction. This spontaneous reaction related to user general perception of computer use. Beaudry 
& Pinsonneault (2010) discuss when people feel deterrence emotion like anxiety, although they 
still perceive new technology as threat, they feel that they have some control over the expected 
consequences of it. However, the finding of the current study does not support the hypotheses 
of the impact of deterrence emotion (e.g., anxiety) on users’ behavioral intention through the 
effort expectancy in the e-banking context. This finding is in line with Yuen et al (2010) which 
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concluded anxiety is not an influential factor of behavioral intention to use internet banking 
services.  

The main point in this part is the difference between the loss emotions and deterrence emotions.  
Approving the influence of loss emotions in contrast to deterrence emotions in this study could 
be explained better by considering two mentioned criteria: 1- the technology perception as a 
threat and 2- the spectrum of “lack of control over the expected consequences” to “control over 
the expected consequences”. The finding of this paper show when consumers report their 
negative emotions about new emerging e-banking technology, they generally report loss 
emotions as their main emotions. This means that consumers in the e-banking context may not 
only perceive new e-banking technology as a threat, also may feel a lack of control over the 
consequences of new e-banking technology.   

When people feel deterrence and loss emotions, they seek social support to decrease these 
negative emotions. In other words, their usage behavior is positively associated with their 
social expectancy (Beaudry & Pinsonneault, 2010). These relationships do not support in this 
study. Participants in this study feel loss emotions when face with the new emerging e-banking 
technology. Nevertheless, it seems that they did not consider social support to reduce their 
negative emotions. Therefore, consumesrs’ behavioral intention to adopt a new e-banking 
technology do not be influenced indirectly by consumers’ negative emotion through social 
influence.  

The results also indicate that perceived risk has a direct and negative influence on consumers 
‘behavioral intention. Perceived risk and performance expectancy explain 40 percent of 
consumers’ behavioral intention to adopt new emerging e-banking technology. Four salient 
risks namely performance risk, financial risk, privacy risk, and time risk are the most salient 
concerns for perceived risk respectively. Moreover, perceived risk is the strongest predictor of 
consumers’ behavioral intention in the adoption of new emerging e-banking technology. These 
results support Martins et al. (2014) findings.  

On the one hand, the results of the current proposed model indicate that the effect of effort 
expectancy and social influence on consumers’ behavioral intention is not significant. This 
means that the participants in this study do not find the new emerging e-banking technology 
difficult to use. They do not also worry about their surrounding people's beliefs when they want 
to decide whether to adopt a new e-banking technology or not. These results have been 
observed in some other research (Yuen, et al., 2010; Alalwana, et al., 2017; Makanyeza & 
Mutambayashata, 2018; Kwateng, et al., 2019; Raza, et al., 2019; Gupta & Arora, 2019). 

On the other hand, although the finding of this study does not approve the influence of effort 
expectancy on consumers’ behavioral intention to adopt new e-banking technology, the indirect 
influence of effort expectancy on consumers’ behavioral intention through performance 
expectancy is supported. Thus, consumers consider new e-banking technology as a useful 
technology that can improve their financial performance. This perception also is supported by 
the help of their effort expectancy.  
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Moreover, participants in this study do not find new emerging e-banking technology pleasure 
or enjoyable. In other words, hedonic motivation does not affect consumers’ behavioral 
intention to adopt new e-banking technology in this paper. This finding also approved in the 
previous studies such as Oliveira et al. (2016), Yaseen and Qirem (2018), and Kwateng et al. 
(2019). This consequence can be developed by the comparison between positive emotions and 
negative emotions. This study, in line with Cenfetelli (2004), illustrates that negative emotions 
have a significant impact (indirectly and negatively) on consumers’ behavioral intention to use 
new e-banking technology whereas positive emotions, namely hedonic motivation such as 
enjoyment, do not show a statistically significant influence on them.   

5.2. Conclusions 

Overall, this study aims to determine whether consumers' negative emotions toward new e-
banking technology impact their behavioral intention to adopt new emerging technology. The 
results of this study show that consumers' negative emotions influence negatively consumers' 
behavioral intention to adopt new emerging e-banking through two factors of effort expectancy 
and performance expectancy. This study also compares the influence of negative emotions and 
positive emotions on consumers’ behavioral intentions in the e-banking context. The results 
illustrate that consumers ‘negative emotions have probably more influence than positive 
emotions in the e-banking technology adoption context. Moreover, the findings indicate that 
perceived risk is one of the most influential factors in the prediction of consumer's behavioral 
intention to adopt new emerging e-banking technology. 

5.3. Managerial implications 
This study shows that not only, consumers find new e-banking technology as a threat but they 
feel a lack of control over the consequences of using new emerging e-banking technology. 
These kinds of emotions influence negatively their effort expectancy which means that 
consumers who feel loss emotion probably find difficult a new emerging e-banking technology 
to use. In other words, consumers who felt angry, frustration, and annoyed when faced with a 
new e-banking technology, would perceive difficult it to use them.  Loss emotion could also 
impact consumers’ performance expectancy indirectly which means consumers may find the 
new emerging e-banking technology unfunctional or at least less useful. Eventually, these 
emotions could indirectly and negatively influence consumers’ behavioral intention through 
their effort and performance expectancy. Considering these factors can help managers in the 
banking context to show consumers by advertisements how they can easily manage and control 
their financial activity with the help of new emerging e-banking technology. Also, they can 
consider the meaning of threat and opportunity in their advertisement to indicate to consumers 
how they can reach their financial goal like transferring money with the help of new emerging 
e-banking technology.  

Furthermore, managers should consider that positive emotions have not been considered by 
consumers as influential as negative emotions in the e-banking context. In contrast, consumers’ 
negative emotion can impact their behavioral intention to adopt new e-banking technology 
indirectly and negatively through their effort expectancy and performance expectancy. Thus, 
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it seems practical that managers try to avoid everything that may evoke consumers’ negative 
emotions because the influence of negative emotions appears more than positive emotions.  

Moreover, the results show that perceived risk and performance expectancy are the most 
important predictors of consumers’ behavioral intention to adopt new emerging e-banking 
technology. Perceived risk that is come from four salient risks namely financial, privacy, 
performance, and time risk should be considered as an important factor in the e-banking 
context. Managers firstly should minimize the technical, privacy, and performance risk of new 
emerging e-banking technology such as digital currency, mobile wallet, and website 
customization and then, try to show consumers that the usage of new e-banking technology is 
not risky.  

5.4. Limitations and future research 
While this study tries to enhance the body of knowledge in the bank industry, it also has some 
limitations mainly concerning sampling. The responds in this study were mostly the young and 
educated people. This sample might have different negative emotion from the population 
average. They are usually innovative and eager to adopt new technology. It is possible that 
people who are old or less educated possess fewer technical skills and thus, feel different 
emotions and perceive the new e-banking technology difficult and riskier. Future research can 
be construct base on the model of this study regarding different ages with different educations. 
also, the results of this study could be different in different societies with different cultures as 
well as different levels of technology usage. The data for this study was gathered in Sweden as 
a developed country that has a high level of technology adoption and usage. Consumers’ 
perception and emotion towards new emerging e-banking technology in other countries, 
especially developing countries, could provide different results. 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 38
 

 
 

Reference 
Abbad, M. M., 2013. E-banking in Jordan. Behaviour & Information Technology, 32(7), pp. 
681-694. 
 
AbuShanab, E. & Pearson, J. M., 2007. Internet banking in Jordan: The unified theory of 
acceptance and use of technology (UTAUT) perspective. Journal of Systems and 
Information Technology, 9(1), pp. 78-97. 
 
Aderonke, A. & Charles, A., 2010. An empirical investigation of the level of users’ 
acceptance of e-banking in Nigeria. Journal of Internet Banking and Commerce, 15(1), pp. 
1-13. 
 
Ajzen, I., 1991. Organizational behavior and human decision processes. The Theory of 
Planned Behavior, 50, pp. 179-211. 
 
Akinyemi, I. O., Asani, E. O. & Adigun, A. A., 2013. An investigation of users’ acceptance 
and satisfaction of e-banking system as a panacea towards a cashless economy in Nigeria. 
Journal of Emerging Trends in Computing and Information Sciences, 4(12), pp. 954-963. 
 
Alalwan, A. A. et al., 2015. Consumer adoption of internet banking in Jordan: Examining 
the role of hedonic motivation, habit, self-efficacy and trust. Journal of Financial Services 
Marketing , 20(2), pp. 145-157. 
 
Alalwan, A. A., Dwivedi, Y. K. & Williams, M. D., 2014. Examining Factors Affecting 
Customer Intention and Adoption of Internet Banking in Jordan. UKAIS. 
 
Alalwana, A. A., Dwivedib, Y. K. & Rana, N. P., 2017. Factors influencing adoption of 
mobile banking by Jordanian bank customers: Extending UTAUT2 with trust. International 
Journal of Information Management, 37(3), pp. 99-110. 
 
Alam, M. M., 2014. Factors affecting consumers’ adoption of mobile banking in Bangladesh: 
An empirical study. Journal of Business Administration and Languages, 2(2), pp. 31-37. 
 
Anouze , A. L. M. & Alamro , A. S., 2019. Factors affecting intention to use e-banking in 
Jordan. International Journal of Bank Marketing, 38(1), pp. 86-112. 
 
Arias-Oliva, M., Pelegrín-Borondo, J. & Matías-Clavero, G., 2019. Variables influencing 
cryptocurrency use: A technology acceptance model in spain. Frontiers in Psychology, 10, 
pp. 1-12. 
 
Arora, S. & Sandhu, S., 2018. Usage based upon reasons: The case of electronic banking 
services in India. International Journal of Bank Marketing, 36(4), pp. 680-700. 
 
Ayo , C. K., Oni , A. A., Adewoye , O. J. & Eweoya, I. O., 2016. E-banking users’ behaviour: 
E-service quality, attitude, and customer satisfaction. International Journal of Bank 
Marketing, 34(3), pp. 347-367. 
 



 39
 

Bagozzi, R. P., Gopinath, M. & Nyer, P., 1999. The role of emotion in marketing. Journal 
of the Academy of Marketing Science, 27(2), pp. 184-206. 
 
Bandura, A., 1986. Social Foundations of Thought and Action: A Social Cognitive Theory. 
Englewood Cliffs, NJ: Prentice Hall. 
 
Beaudry, A. & Pinsonneault, A., 2010. The other side of acceptance: Studying the direct and 
indirect effects of emotions on information technlogy use. Management Information Systems 
Quarterly, 34(4), pp. 689-710. 
 
Bednar, D. A., Reeves, C. A. & Cayce , L. R., 1995. The role of technology in banking-listen 
to the customer. Journal of Retail Banking, 17, pp. 35-35. 
 
Bell, E., Bryman, A. & Harley, B., 2018. Business Research Methods. Oxford university 
press. 
 
Braun , V. & Clarke, V., 2013. Successful Qualitative Research: A Practical Guide for 
Beginners. Sage publications. 
 
Burrell, G. & Morgan, G., 1979. Elements of the Sociology of Corporate Life. In: 
Sociological paradigms and organisational analysis. Burlington: Ashgate Publishing 
Company. 
 
Cenfetelli, R. T., 2004. Getting in Touch with our Feeling towards Technology. Vancouver, 
Academy of Management Best Conference. 
 
Chin, W. W., 1998. The partial least squares approach to structural equation modeling. 
Modern Methods for Business Research, 295(2), pp. 295-336. 
 
Compeau , D. R. & Higgins, C. A., 1995. Computer self-Efficacy: Development of a measure 
and initial test. Management Information Systems Quarterly, 19(2), pp. 189-211. 
 
Compeau, D., Higgins, C. A. & Huff, S., 1999. Social cognitive theory and individual 
reactions to computing technology: A longitudinal study. Management Information 
Systems Quarterly, 23(2), pp. 145-158. 
 
Daniel , E., 1999. Provision of electronic banking in the UK and the Republic of Ireland. 
International Journal of Bank Marketing, 17(2), pp. 72-83. 
 
Davis, F. D., 1989. Perceived usefulness, perceived ease of use, and user acceptance of 
information technology. Management Information Systems Quarterly, 13(3), pp. 318-339. 
 
Davis, F. D., 1993. User acceptance of information technology: System characteristics, user 
perceptions and behavioral impacts. International Journal of Man-Machine Studies, 38(3), 
pp. 475-487. 
 
Davis, F. D., Bagozzi, R. P. & Wars, P. R., 1989. User acceptance of computer technology: 
A comparison of two theoretical models. Management Science, 35(8), pp. 982-1003. 
 
Davis, F. D., Bagozzi, R. P. & Warshaw, P. R., 1992. Extrinsic and intrinsic motivation to 
use computers in the workplace. Journal of Applied Social Psychology, 22(14), pp. 1111-
1132. 



 40
 

 
Dickinson, A. & Hill, R. L., 2007. Keeping in touch: Talking to older people about computers 
and communication. Educational Gerontology, 33(8), pp. 613-630. 
  
Drost, E. A., 2011. Validity and reliability in social science research. Education Research 
and Perspectives, 38(1), pp. 105-124.  
 
Dwivedi, Y. K. et al., 2019. Re-examining the unified theory of acceptance and use of 
technology (UTAUT): Towards a revised theoretical model. Information Systems Frontiers, 
21, pp. 719-734. 
 
Edell, J. A. & Burke , M. C., 1987. The power of feelings in understanding advertising 
effects. Journal of Consumer Research , 14(3), pp. 421-433. 
 
Etikan, I., Musa, S. A. & Sun, R., 2016. Comparison of convenience sampling and purposive 
sampling. American Journal of Theoretical and Applied Statistics, 5(1), pp. 1-4. 
 
Farah, M. F., Hasni, M. J. S. & Abbas, A. K., 2018. Mobile-banking adoption: Empirical 
evidence from the banking sector in Pakistan. International Journal of Bank Marketing, 
36(7), pp. 1386-1413. 
 
Fishbein, M. & Ajzen, I., 1975. Belief, Attitude, Intention and Behaviour: An Introduction 
to Theory and Research, Addison-Wesley. 
 
Fornell, C. & Larcker, D. F., 1981. Evaluating structural equation models with unobservable 
variables and measurement error. Journal of Marketing Research, 18(1), pp. 39-50. 
 
Gan , C., Clemes, M., Limsombunchai, V. & Weng, A., 2006. A logit analysis of electronic 
banking in New Zealand. International Journal of Bank Marketing, 24(6), pp. 360-383. 
 
Giovanis, A., Assimakopoulos, C. & Sarmaniotis, C., 2019. Adoption of mobile self-service 
retail banking technologies. International Journal of Retail & Distribution Management, 
47(9), pp. 894-914. 
 
Gupta, K. & Arora, N., 2019. Investigating consumer intention to accept mobile payment 
systems through unified theory of acceptance model: An Indian perspective. South Asian 
Journal of Business Studies, 9(1), pp. 88-114. 
 
Hackbarth, G., Grover, V. & Yi, M. Y., 2003. Computer playfulness and anxiety: Positive 
and negative mediators of the system experience effect on perceived ease of use. Information 
& Management, 40(3), pp. 221-232 
 
Hair Jr, J. F., Hult, G. T. M., Ringle, C. & Sarstedt, M., 2016. A Primer on Partial Least 
Squares Structural Equation Modeling (PLS-SEM). Sage publications. 
 
Hair Jr, J. F., Sarstedt, M., Hopkins, L. & Kuppelwieser, V. G., 2014. Partial least squares 
structural equation modeling (PLS-SEM): An emerging tool in business research. European 
Business Review, 26(2), pp. 106-121. 
 
Hair, J. F., Ringle, C. M. & Sarstedt, M., 2011. PLS-SEM: Indeed a silver bullet. Journal of 
Marketing Theory and Practice, 19(2), pp. 139-152. 



 41
 

 
Han, S., Lerner, J. S. & Kelt, D., 2007. Feelings and consumer decision making: The 
appraisal‐tendency framework. Journal of Consumer Psychology, 17(3), pp. 158-168. 
 
Henseler, J., Ringle, C. M. & Sarstedt, M., 2015. A new criterion for assessing discriminant 
validity in variance-based structural equation modeling. Journal of the Academy of 
Marketing Science, 43(1), pp. 115-135.  
 
Holden, M. T. & Lynch, P., 2004. Choosing the appropriate methodology: Understanding 
research philosophy. The Marketing Review, 4(4), pp. 397-409. 
 
Jahangir, N. & Begum, . N., 2008. The role of perceived usefulness, perceived ease of use, 
security and privacy, and customer attitude to engender customer adaptation in the context 
of electronic banking. African Journal of Business Management, 2(2), pp. 032-040. 
 
Joseph, M., McClure, C. & Joseph, B., 1999. Service quality in the banking sector: The 
impact of technology on service delivery. International Journal of Bank Marketing, 17(4), 
pp. 182-191. 
 
Kaabachi, S., Mrad, S. B. & O’Leary, B., 2019. Consumer’s initial trust formation in IOB’s 
acceptance: The role of social influence and perceived compatibility. International Journal 
of Bank, 37(2), pp. 507-530. 
 
Karjaluoto , H., Mattila , M. & Pento, T., 2002. Electronic banking in Finland: Consumer 
beliefs and reactions to a new delivery channel. Journal of Financial Services Marketing, 
6(4), pp. 346–361. 
 
Khanifar, H. et al., 2012. Factors influencing the intendancy of e-banking: An integration of 
TAM & TPB with e-service quality. Finance Management, 46, pp. 8072-8079. 
 
Kimberlin, C. L. & Winterstein, A. G., 2008. Validity and reliability of measurement 
instruments used in research. American Journal of Health-System Pharmacy, 65(23), pp. 
2276-2284. 
 
Kolodinsky, J. M., Hogarth, J. M. & Hilgert, M. A., 2004. The adoption of electronic banking 
technologies by US consumers. The International Journal of Bank Marketing, 22(4), pp. 
238-259. 
 
Kulviwat, S. et al., 2007. Toward a unified theory of consumer acceptance technology. 
Psychology & Marketing, 24(12), pp. 1059-1084. 
 
Kwateng, K. O., Atiemo, K. A. O. & Appiah, C., 2019. Acceptance and use of mobile 
banking: An application of UTAUT2. Journal of Enterprise Information Management, 
32(1), pp. 118-151. 
 
Lee , E. J. & Lee, J., 2000. Haven’t adopted electronic financial services yet? The acceptance 
and diffusion of electronic banking technologies. Journal of Financial Counseling and 
Planning, 11(1), p. 49. 
 
Lee, S., Ha, S. & Richard, W., 2011. Consumer responses to high-technology products: 
Product attributes, cognition, and emotions. Journal of Business Research, 64, pp. 1195-
1200. 



 42
 

 
Lewis, N. K., Palmer, A. & Moll, A., 2010. Predicting young consumers' take up of mobile 
banking services. International Journal of Bank Marketing, 28 (5), pp. 410-432. 
 
Liao, S., Shao, Y. . P. & Wang, H., 1999. The adoption of virtual banking: An empirical 
study. International Journal of Information Management, 19(1), pp. 63-74. 
 
Makanyeza, C. & Mutambayashata, S., 2018. Consumers’ acceptance and use of plastic 
money in Harare, Zimbabwe. International Journal of Bank Marketing, 36(2), pp. 379-392. 
 
Martinsa, C., Oliveira, T. & Popovicˇ, A., 2014. Understanding the internet banking 
adoption: A unified theory of acceptance and use of technology and perceived risk 
application. International Journal of Information Management, 34, pp. 1-13. 
 
Mazhar, F. et al., 2014. An investigation of factors affecting usage and adoption of internet 
& mobile banking in Pakistan. International Journal of Accounting and Financial Reporting, 
4(2), p. 478. 
 
Mehrabian, A. & Russell, J. A., 1974. An Approach to Environmental Psychology. 
Cambridge: The MIT Press. 
 
Moore, G. C. & Benbasat, I., 1991. Development of an instrument to measure the perceptions 
of adopting an information technology innovation. Information Systems Research, 2(3), pp. 
192-222. 
 
Oakshott, L., 2012. Essential Quantitative Methods for Business, Management and Finance. 
5 ed. London: Palgrave Macmillan. 
 
Odumeru, J. A., 2012. The acceptance of e-banking by customers in Nigeria. World Review 
of Business Research, 2(2), pp. 62-74. 
 
Oye, D. N., Iahad, N. A. & Rahim, N. A., 2014. The history of UTAUT model and its impact 
on ICT acceptance and usage by academicians. Education and Information Technologies, 
19, pp. 251-270. 
 
Partala, T. & Saari, T., 2015. Understanding the most influential user experiences in 
successful and unsuccessful technology adoptions. Computers in Human Behavior, 53, pp. 
381-395. 
 
Pikkarainen , T., Pikkarainen , K., Karjaluoto , H. & Pahnila, S., 2004. Consumer acceptance 
of online banking: An extension of the technology acceptance model. Internet Research, 
14(3), pp. 224-235. 
 
Poon, W.-C., 2008. Users’ adoption of e-banking services: The Malaysian perspective. 
Journal of Business & Industrial Marketing, 23(1), p. 59–69. 
 
Presthus, W. & O'Malley, N. O., 2017. Motivations and barriers for end-user adoption of 
bitcoin as digital currency end-user adoption of bitcoin as digital currency. Procedia 
Computer Science ,121, pp. 89-97. 
 



 43
 

Rahia, S., Ghanib, M. A., Alnasera, F. M. & Ngah, A. H., 2018. Investigating the role of 
unified theory of acceptance and use of technology (UTAUT) in internet banking adoption 
context. Management Science Letters, 8(3), pp. 173-186. 
 
Raza, S. A., Shah, N. & Ali, M., 2019. Acceptance of mobile banking in islamic banks: 
Evidence from modified UTAUT model. Journal of Islamic Marketing , 10(1), pp. 357-376. 
 
Reinartz, W., Haenlein, M. & Henseler, J., 2009. An empirical comparison of the efficacy 
of covariance-based and variance-based SEM. International Journal of Research in 
Marketing, 26(4), pp. 332-334. 
  
Ringle, C. M., Wende, S. & Becker, J.-M., 2015. SmartPLS 3. SmartPLS GmbH. 
 
Rodrigues, L. F., Abílio, O. & Carlos, C. J., 2016. Does ease-of-use contributes to the 
perception of enjoyment? A case of gamification in e-banking. Computers in Human 
Behavior, 61, pp. 114-126. 
 
Rodriguesa, G., Sarabdeena, J. & Balasubramanian, S., 2016. Factors that influence 
consumer adoption of e-government services in the UAE: A UTAUT model perspective. 
Journal of Internet Commerce, 15(1), pp. 18-39. 
 
Rogers, M. E., 1995. Diffusion of Innovations. Fourth ed. The New York Free Press. 
 
Rugimbana, R., 2007. Youth based segmentation in the Malaysian retail banking sector. 
International Journal of Bank Marketing, 25(1), pp. 6-21. 
 
Russell, J. A., 2003. Core affect and the psychological construction of emotion. 
Psychological Review, 110(1), pp. 145. 
 
Saadé , R. G. & Kira, D., 2006. The emotional state of technology acceptance. Issues in 
Informing Science and Information Technology, 3, pp. 529-539. 
 
Salhieh , L., Abu-Doleh , J. & Hijazi, N., 2011. The assessment of e‐banking readiness in 
Jordan. International Journal of Islamic and Middle Eastern Finance and Management, 
4(4), pp. 325-342. 
 
Salimon, M. G., Yusoff, R. Z. B. & Mohd Mokhtar, S. S., 2017. The mediating role of 
hedonic motivation on the relationship between adoption of e-banking and its determinants. 
International Journal of Bank Marketing, 35(4), pp. 558-582. 
 
Sánchez-Torres, J. A., Sandova, A. . V. & Alzate, J. A. S., 2018. E-banking in Colombia: 
Factors favouring its acceptance, online trust and government support. International Journal 
of Bank Marketing, 36(1), pp. 170-183. 
 
Santini , F. D. O. et al., 2019. A meta-analytical study of technological acceptance in banking 
contexts. International Journal of Bank Marketing, 37(3), pp. 755-774. 
 
Sarstedt, M., Ringle, C. M., Smith, D. & Reams, R., 2015. Partial least squares structural 
equation modeling (PLS-SEM): A useful tool for family business researchers. Journal of 
Family Business Strategy, 5, pp. 105-115. 
 



 44
 

Shaikh , A. A. & Karjaluoto, H., 2015. Mobile banking adoption: A literature review. 
Telematics and Informatics, 32, pp. 129-142. 
 
Simiyu, D. N., Gatauwa, J. M. & Mwambia, F. G., 2018. Factors influencing the adoption 
of electronic banking in Kenya: A case of commercial banks in Nairobi County. Research 
Journal of Finance and Accounting, 9(10), pp. 171-191. 
 
Tak, P. & Panwar, S., 2017. Using UTAUT2 model to predict mobile app based shopping: 
Evidences from India. Journal of Indian Business Research, 9(3), pp. 248-264. 
 
Takele, Y. & Sira, Z., 2013. Analysis of factors influencing consumers’ intention to the 
adoption of e-banking service channels in Bahir Dar city: An integration of TAM, TPB and 
PR. European Scientific Journal, 9(13), pp. 403-417. 
 
Tan, E. & Lau, J. L., 2016. Behavioural intention to adopt mobile banking among the 
millennial generation. Young Consumers, 17(1), pp. 18-31. 
 
Tavakol, M. & Dennick, R., 2011. Making sense of Cronbach's alpha. International Journal 
of Medical Education, 2, pp. 53-55. 
 
Taylor , S. & Todd, P., 1995. Assessing IT usage the role of prior experience. Management 
Information Systems Research Center, 2(4), pp. 561-570. 
 
Taylor, S. & Todd, P. A., 1995. Understanding information technology usage: A test of 
competing models. Information Systems Research, 6(2), pp. 144-176. 
 
Thompson, R. L., Higgins, C. A. & Howell, J. M., 1991. Personal computing: Toward a 
conceptual model of utilization. Management Information System Quarterly, 15(1), pp. 125-
143. 
 
Thornton, J. & White, L., 2001. Customer orientations and usage of financial distribution 
channels. Journal of Services Marketing, 15(3), pp. 168-185. 
 
Todman, J. & Monaghan, E., 1994. Qualitative differences in computer experience, 
computer anxiety, and students' use of computers: A path model. Computers in Human 
Behavior, 10(4), pp. 529-539. 
 
Triandis, H. C., n.d. Interpersonal Behavior. Brooks/Cole Pub. Co. 
 
Tuli, F., 2010. The basis of distinction between qualitative and quantitative research in social 
science: Reflection on ontological, epistemological and methodological perspectives. 
Ethiopian Journal of Education and Sciences, 6(1), pp. 97-108 
 
Venkatesh, V. & Davis, F. D., 2000. A theoretical extension of the technology acceptance 
model: Four longitudinal field studies. Management Science, 46(2), pp. 186-204. 
 
Venkatesh, V., 2000. Determinants of perceived ease of use: Integrating control, intrinsic 
motivation, and emotion into the technology acceptance model. Information Systems 
Research, 11(4), pp. 342-365. 
 



 45
 

Venkatesh, V., Morris, M. G., Davis, G. B. & Davis, F. D., 2003. User acceptance of 
information technology: Toward a unified view. Management Information System Quarterly, 
21(3), pp. 425-478. 
 
Venkatesh, V., Thong, J. Y. & Xu, X., 2012. Consumer acceptance and use of information 
technology: Extending the unified theory of acceptance and use of technology. Management 
Information System Quarterly, 36(1), pp. 157-178. 
 
Wan, W. W., Luk, C. L. & Chow, C. W., 2005. Customers’ adoption of banking channels in 
Hong Kong. International Journal of Bank Marketing, 23(3), pp. 255-272. 
 
Wang, M., Cho, S. & Denton, T., 2017. The impact of personalization and compatibility with 
past experience on e-banking usage. International Journal of Bank Marketing, 35(1), pp. 45-
55. 
  
Westbrook, R. A., 1987. Product/consumption-based affective responses and postpurchase 
processes. Journal of Marketing Research, 24(3), pp. 258-270.. 
 
Yang, K. & Forney, J., 2013. The moderating role of consumer technology anxiety in mobile 
shopping adoption: Differential effects of faclitiating conditions and social influences. 
Journal of Electronic Commerce Research , 14(4), pp. 334-347. 
 
Yaseen, S. G. & Qirem, I. A. E., 2018. Intention to use e-banking services in the Jordanian 
commercial banks. International Journal of Bank Marketing, 36(3), pp. 557-571. 
 
Yousafzai , S., Pallister , J. & Foxal, G., 2009. Multi-dimensional role of trust in internet 
banking adoption. The Service Industries Journal, 29(5), pp. 591-605. 
 
Yousafzai, S. Y., 2012. A literature review of theoretical models of internet banking adoption 
at the individual level. Journal of Financial Services Marketing, 17(3), pp. 215-226. 
 
Yu, C.-S., 2012. Factors affecting individuals to adopt mobile banking: Empirical evidence 
from the UTAUT model. Journal of Electronic Commerce Research, 13(2), pp. 104-121. 
 
Yuen, Y. Y., Yeow, P. H., Lim, N. & Saylani, N., 2010. Internet banking adoption: 
Comparing developed and developing countries. Journal of Computer Information Systems, 
51(1), pp. 52-61. 
 
Yusuf Dauda, S. & Lee, J., 2015. Technology adoption: A conjoint analysis of consumers' 
preference on future online banking services. Information Systems, 53, pp. 1-15. 
 
Zhang, P., 2013. The affective response model: A theoretical framework of affective 
concepts and their relationships in the ICT context. Management Information System 
Quarterly, 37(1), pp. 247-274. 
 
Zhou , T., Lu , Y. & Wang, B., 2010. Integrating TTF and UTAUT to explain mobile banking 
user adoption. Computers in Human Behavior, 26(4), pp. 760-767. 
 
 

 



 46
 

Appendix 
 
 

Appendix 1- Literature Overview/ e-banking articles 

 

 

 

 

 

 



 47
 

 



 48
 

Appendix 2- Literature Overview/ UTAUT1&2 



 49
 

 


